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Abstract 

 

AI-driven health insurance discounts and wellness programs drive up to four times the member engagement of 

outdated, manual wellness programs that are disconnected from dynamic member attributes. Our testing shows that 

each member saves $200 annually or more on mirrored discounts she is willing to earn but would otherwise have paid 

more, leading to significant anticipated program retention. Nearly three-quarters of members who visit our site view 

and select actions to unlock discounts even before checking the other forms of personalized health resources we offer. 

Serial and tech-savvy members are most likely to view and select actions. Organically, up to 5% of members 

participate in referrals that lower our sales acquisition costs. We use moral words, metaphors, and vivid language to 

describe the quantified benefits of participation and program meaningfulness. A learning path split test gives members 

access to discounts immediately or only after they complete a health quiz. The learning path does not impact program 

engagement. 

When a member on our site reveals consistent interest in a discount, we determine how close she is to program 

eligibility and begin follow-up emails encouraging her to earn the discount a few days later. Our analysis comparing 

engagement rates among those who visit our site suggests that follow-up emails boost overall engagement further. We 

conduct a holdout to determine the causal impact of our AI-personalized discount messages. Overall, AI-driven 

discounts control estimated engagement rates between 7% and 11.7%. Interest-based messaging generates slightly 

less engagement than scarcity messaging or bonus content messaging. Scarcity messaging, which prompts quick 

decision-making by threatening the loss of a budgeted resource, always performs better than interest-based messaging 

in scenarios where only interest or scarcity messaging is sent, or where both are sent but only scarcity receives a 

follow-up. Controlling discount strategies produces little engagement, at times breaking double digits. 

Keywords: AI-powered health insurance,Wellness programs,Member engagement,Retention strategies,Health 

insurance discounts,Personalized health incentives,AI-driven health solutions,Customer loyalty,Behavioral health 

tracking,Digital health platforms.

1. Introduction  

 

The health insurance landscape in the U.S. 

fundamentally changed with the passing of the Patient 

Protection and Affordable Care Act in 2010; a move 

that led to consolidations across the payer spectrum 

and an inevitable shift from a patient-focused health 

insurance strategy to one involving the purchaser. 

While the act gave people who purchase insurance on 

their own access to a wide variety of options and 

coverages, the demand for insurance increases with 

more affordable pricing. Many Americans went 

uninsured, as they were not offered insurance at work 

and, historically, the only place to purchase insurance 

of any type was through work. Thus, innovative 

purchasing alternatives were introduced in an effort to 

increase the number of people insured in the event of 

a serious medical need. With an evolving vision of 

coverage and strategy unfolding, health insurers 

continue to investigate and implement initiatives that 

engage and retain members while making the 

transition to the purchaser-centric market. 

Customer engagement and retention is a significant 

challenge for insurance carriers. In 2013, insurance 
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providers spent less than 7% of their budgets on the 

acquisition or maintenance of existing customers. As 

a result, insurance providers often use loyalty and 

customer relationship measures that come from the 

banking and credit card industry to model their 

customer concentration and loyalty. A financial 

analyst says of the industry's product lineup: "There's 

no differentiation." However, such premiums and 

loyalty programs have the ability to be disrupted. This 

research study presents the opportunity to have an 

even deeper impact on those recognized as being at 

risk of leaving their careers and in customizing 

wellness incentives to your members based on their 

personal health risks. There are currently no industry 

wellness programs that provide new benefits to 

companies and employees based on risk. A risk-based 

wellness program is beneficial to both the employee, 

who is shown they are valued, and their employer, who 

wants to also show value in their careers. By 

leveraging innovation in the insurance and technology 

industries, insurance carriers now have the ability to 

make the health, wellness, and coverage experience 

personal and unique for individual insurance 

purchasers. Innovative carriers that focus on member 

experience will not only retain health members but 

will have better health outcomes and lower medical 

care costs. This research study examines if the 

introduction of new and different wellness incentives 

may increase member satisfaction and health 

outcomes. 

 

           Fig  1: Artificial intelligence health 

insurance industry 

 

1.1. Background and Rationale 

Innovations in artificial intelligence (AI) are 

beginning to transform the health insurance industry 

by improving population management and 

personalized interventions. Health insurers are able to 

customize their interventions based on the consumers' 

response to price discounts, member needs, and 

overall risk profile. However, while customer 

segmentation and pricing have been extensively 

studied in health insurance, the impact of AI-driven 

and personalized price reductions in health insurance 

is still a nascent field. We aim to develop a better 

understanding of how personalized price discounts, 

driven by advanced AI, may impact the performance 

of health insurance products and services and fill a 

significant gap in the health policy literature. 

Health insurance continues to create significant 

challenges for health insurers. Health insurers often 

experience massive turnover, with roughly one 

member in four choosing to leave the network at some 

point in time. As a result, it is difficult to retain 

members and keep them engaged over time. By just 

offering a unique product, health insurers may find 

new ways to appeal to the needs of their members. 

Personalized services and insurance products are 

increasingly the new trend in today's digital age. A 

growing body of literature is this calling for health 

insurers to offer new digital platforms and programs 

generating personalized solutions for their members. 

Consequently, many health insurance companies are 

incorporating wellness programs into their 

interventions to improve consumer satisfaction and 

reduce the impact of the declining member base. In 

practice, health insurance companies affect more than 

half of all insurance kinds through such programs. The 

goal is to stimulate competition among members of the 

insurance market, which in turn helps to lower insurer 

risks and reduce customer service expirations. Those 

programs also contribute to lower spending on 

healthcare. They can enhance the costs of attracting 

individuals with a lower average cost of healthcare. 

However, research on the effect of offering those 

programs is largely lacking. The offering of such 

wellness programs in terms of member engagement 

and costs can be further understood by policies and 

managerial perspectives. In this study, we aim to 

promote a better understanding of health insurance 

initiatives. The two areas of research should be catered 

to by the current research work. 

 

 

 



Letters in High Energy Physics 
ISSN: 2632-2714 

Volume 2023 

 

146 

1.2. Research Objectives 

Study Objectives. The specific objectives of this 

research are: 

- To quantify the impact of AI-powered health 

insurance discounts and wellness programs on 

increased member engagement and improved 

customer retention; 

- To ascertain if individualized and personalized 

experiences leveraging artificial intelligence can boost 

member engagement and retention, as well as result in 

greater customer satisfaction, an improved perception 

of the insurance brand, and greater loyalty to the health 

insurance partner. By defining particular goals that can 

be realized through undertaking this research 

experiment, we are able to more accurately hold 

ourselves accountable and provide objective measures 

of project performance. Throughout the literature 

research process, it is evident that just a few sources in 

the field examined the impact of stated future 

inventions such as digital health incentives, 

personalization, or coaching. Therefore, there is a 

dearth of referable results that could be considered 

prior to determining the added value of our research 

project. 

Insufficient current research on the topic can also be 

surmised from selectively identified information 

within healthcare, such as e-commerce, where a 

significant percentage of consumers believe 

personalized experiences are very appealing, and a 

large percentage are more likely to do business with a 

company that offers personalized experiences. Loyalty 

is based on both engagement and satisfaction, and the 

learning from service industries can successfully be 

applied to the healthcare sector. There is an ongoing 

interest from all stakeholders in health insurance and 

healthcare provision in the potentialities of AI. 

 

2. Literature Review 

 

Health insurers are beginning a phase of 

unprecedented experimentation with the integration of 

artificial intelligence. As AI systems based on 

machine learning and predictive modeling flourish, 

they hold the promise of cutting health insurance 

premiums because of their ability to better separate 

health from sick members and more rationally 

structure wellness incentives based on disease state, 

wealth, and age. Importantly, the ability to target 

wellness incentives has previously been unattainable, 

as chronic retro-reflection in 'well' groups and a lack 

of individualized incentives and education have 

precluded success. However, significant systematic 

literature demonstrates that enforcing wellness 

programs outright reduces member voluntarism and 

increases turnover, which negates any savings that 

lower premiums might bring. This study laid the 

foundation for future inquiry into the tailoring of 

wellness benefits to individual members using AI, by 

demonstrating that the price elasticity of wellness 

programs is far less than the price elasticity of wellness 

'constructive engagement.' 

Existing scholarship has explored how intelligent 

machines can change the delivery of insurance 

commodities in the health sector and how better 

personalization creates greater member utility and 

enhances voluntary program participation. Scholars 

further derive satisfaction from the increased equity of 

insurance pricing that personalized wellness can 

provide. Results from prior research lay the theoretical 

framework for previous models that lent more accurate 

actuarial expectations bridging the health-wealth 

divide and making tailored incentives possible. 

Member initiation of categorical anti-wellness 

programs, but not the unpriced status quo, was also 

characterized. Finally, how AI is revolutionary in 

creating personalizable wellness subsidies while 

employers are required to make wellness mandatory 

was demonstrated. This model produces empirically 

supported theorems describing employee and 

employer behavior and provides the groundwork for 

further studies regarding AI. 

 

Equ 1: Discount and Wellness Program Adoption 

Model 

 

 

2.1. AI in Health Insurance 

Health insurance is one of the areas where artificial 

intelligence can prove to be very useful. AI can 

represent the voice of the members to predict what 

type of information they need, helping health 

insurance companies to offer this dialogue. In 

addition, AI can leverage email or chatbots to deliver 

personalized communication to members in a scalable 
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manner. AI can also streamline administrative work, 

bringing intelligent automation to adjudicate manual 

audits. Insurers say artificial intelligence is improving 

the quality of care by providing members with tools 

such as virtual care that allow for communication from 

any location. Moreover, AI provides insurers with 

valuable insights, such as the most susceptible patients 

for readmissions and the ramifications of specific 

actions. 

Efficiencies provided by artificial intelligence have an 

indirect value in the health insurance industry. 

Automating claims processing also leaves more time 

for a health insurance organization to make decisions 

about these claim payments. Robotic process 

automation and AI are reducing costs, boosting claims 

process times, and providing other benefits. This is a 

cost area as well as a back-office area. AI can be used 

to help organizations predict how long claims will take 

and apply resources efficiently. It can be used for 

unstructured data to look at peer groups, doctors' 

visits, and average length of claim payments. As 

organizations make prime connections, unstructured 

data will have increasing importance, with AI playing 

a critical role. Employees who handle medical claims 

are legally obliged to arrange payment within a certain 

period of time. Artificial intelligence can help do this 

and optimize resources. 

Artificial intelligence enables health insurers to 

analyze large quantities of data, digest it, and make 

both basic and complex assessments based on that 

information. Researchers have already used predictive 

analytics to analyze prospects' behavioral patterns and 

determine if they are interacting with employers or 

visiting the internet during working hours. By 

orchestrating this data, researchers are ensuring that 

the message is delivered to customers when they are 

more prone to listen. A wellness program for its 

members and employees that uses predictive data to 

alert those at risk to potential medical conditions has 

been implemented. Predictive modeling has been 

added to care service plans to assist customers who 

may have difficulty accessing behavioral health care. 

The insurer uses a tool that looks at a person's health 

techniques. A company helps insurers understand an 

employee population's risks and areas where they 

could use support in terms of care coordination and 

communication. Artificial intelligence inside and 

outside of worker health care is important. As 

organizations rush to get better insights, they need to 

be careful. They can't seem to liken employees to 

numbers, and most of all, can't make sweeping 

predictions that can make the members of an 

organization feel uncomfortable. Healthcare can be 

intimate, and sharing sensitive information could put 

healthcare leaders in a precarious position. Insurers 

employing AI and predictive analytics are pushing the 

boundaries to learn more about their members. In 

addition, businesses are enhancing their ability to 

serve those customers. Robotic process automation 

and AI are also playing a part in claims processing as 

insurers strive to speed up the process.Artificial 

intelligence (AI) is revolutionizing the health 

insurance industry by enhancing both customer 

engagement and operational efficiency. AI-powered 

tools such as chatbots and personalized 

communication systems help insurers deliver tailored 

messages to members at scale, improving member 

satisfaction and ensuring that individuals receive the 

information they need at the right time. Moreover, AI 

enables the automation of administrative tasks, such as 

claims processing and manual audits, streamlining 

workflows and reducing costs. By analyzing vast 

amounts of data, AI helps insurers predict patient 

behaviors, assess health risks, and identify individuals 

who may be at risk for readmission or require specific 

care interventions. Predictive analytics also supports 

wellness programs by alerting members to potential 

health risks, while robotic process automation 

accelerates claims processing, allowing insurers to 

allocate resources more efficiently. However, as 

insurers collect and analyze increasingly sensitive 

data, they must balance innovation with privacy 

concerns, ensuring that AI-driven insights are used 

responsibly to enhance care without compromising the 

trust of their members. 

 

Fig :  The Impact of AI in Healthcare Industry 
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2.2. Member Engagement and Retention in Health 

Insurance 

Member engagement: In the health insurance industry, 

member engagement refers to two closely related 

behaviors: whether a member is taking advantage of 

services provided by the health plan, and how loyal the 

member is to the health plan. In both cases, how 

satisfied the member is with the health plan is typically 

a key driver. The impetus for a member to take 

advantage of a service varies. More often than not, 

members are drawn to a new plan that they perceive 

will offer them better service or coverage. The method 

by which members learn about services and perks and 

decide to choose one plan over another isn’t 

particularly important in the insurance industry, but 

members are more likely to take advantage of benefits 

and welcome services if a health insurance plan has 

taken the time to inform them. Members have also 

shown a heightened interest in choosing to use a 

specific “bonus” or “wellness” service if the offered 

services or programs align with their particular 

interests. Particularly when it comes to wellness and 

population health, factors such as social determinants 

of health data can also play a role in increasing a 

member’s likelihood to respond positively to proactive 

outreach. 

The impact of direct member engagement and overall 

member sentiment is usually another important factor 

for plans. In the health insurance industry, customer 

satisfaction and loyalty are shown to drive a greater 

member retention rate, reducing churn and, in effect, 

overall marketing costs. Member retention increases 

between 1% and 5% for each 5% increase in overall 

member satisfaction. Plans with member satisfaction 

scores in the top quartile have satisfaction ratings 14.8 

points higher than those ranked in the bottom quartile. 

Plans that are successfully engaging their members 

through clear omni channel communication strategies 

will often see a direct correlation between this positive 

sentiment and increased member retention 

percentages. Successes with this engagement and 

retention philosophy can be seen throughout the core 

market, for example with high member satisfaction 

and engagement rates and rate-of-return metrics more 

aligned with consumer or retail operations rather than 

insurance. Increased engagement has led to a slowly 

ramping enrollment growth each year. In both 

examples, the overall communications focus is on 

wellness and consumer engagement. 

 

3. Methodology 

 

Between January 14 and March 1, 2022, the team 

launched and analyzed the results from a one-of-a-

kind, two-round, mixed-methods study to assess the 

impact of AI-powered health insurance discounts and 

wellness programs on member engagement, retention, 

and brand loyalty. The objective of Round One was to 

describe what people experienced when interacting 

with this tool and what role it played, if any, in their 

decision to remain a member of, switch to, or ignore a 

health insurance company. Three core research 

questions informed the design of semi-structured 

interviews and an online survey. A departmental 

review of the initial findings informed the design and 

focus of the second round of data collection. The 

overall goal of the second round was to assess whether 

the qualitative or semi-structured data could be 

generalized and to consider the extent to which the 

findings were supported or contradicted by 

participants who had not yet engaged with the 

reciprocal interview. 

All members, former members, and prospective 

members of five health insurance companies who have 

been affected by marketing or have been fully exposed 

to a health insurance company’s digital presence were 

welcome to participate in this study. While 

participants joined the study voluntarily, the efforts of 

the research team ensured a diverse pool of female, 

genderqueer, transgender, and non-binary participants 

and racial/ethnic minorities, resulting in sample 

diversity. The team adhered to various qualitative data 

collection recommendations and principles. It 

produced a written discussion guide for the semi-

structured interviews and provided interviewers with 

comprehensive training that included a detailed 

examination of the read-aloud script, ethical 

considerations, and human subject protection 

considerations surrounding our research. Consulting 

with campus resources regarding the application, the 

team created a research protocol and informed consent 

form to obtain information about the subjects and 

obtain signed documentation. 
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Equ 2: Member Satisfaction Model 

 

 
3.1. Research Design 

This study employs a sequential mixed-methods 

design using a convergent strategy for two purposes: 

firstly, to capture and provide a holistic understanding 

of member engagement and retention with an AI 

insurance product informed by both qualitative and 

quantitative data; secondly, to subsequently utilize and 

build on the qualitative data with the quantitative data, 

and vice versa. This analytical strategy helps to build 

a convincing narrative and to strategically employ the 

strengths of both the qualitative and quantitative 

approaches and data. As such, it allows us to 

‘triangulate’ and cross-verify findings across data 

types disconnected from a specific sample. It can also 

be used to identify which areas are under-researched 

in any given setting or context, and it prioritizes what 

is most important to learn first. In this step-by-step 

approach, starting with a qualitative component, we 

began examining the member engagement and 

retention mechanisms that evolve or are perceived to 

evolve in the design of the new AI-powered health and 

life insurance programs. Subsequently, in the second 

stage, using the findings from the qualitative study, we 

collect additional and unique data in a separate 

questionnaire that considers different aspects of 

engagement and retention not already covered in the 

qualitative accounts. We then converge the findings 

from these results and discuss them in the light of the 

qualitative findings, thus adding to our understanding 

of the domain under investigation. A complex data 

analysis plan was developed, which included a 

categorical and thematic coding approach, enabling us 

to identify initial codes before advancing to a higher 

level of interpretation of these codes and their 

relationships to form meaningful and relevant themes 

and findings. In order to ensure the trustworthiness of 

the final study result, a systematic approach was 

followed for data collection, dataset preparation, pre-

processing, consolidation of datasets, and coding-

labeled data. Conducted between May and September 

2021, the overall study spans four months in two 

distinct phases, with stage 1 focusing on the collection 

of interview data in order to gather in-depth insights 

into the areas of inquiry in relation to AI-driven 

insurance product member engagement and retention. 

 

 

 

Fig 2: Rise of Artificial Intelligence Shaping the 

Future of Technology & Society 

 

3.2. Data Collection Methods 

Qualitative data collection methods, used primarily in 

the first phase, provided member perspectives on the 

proposed intervention concept (interviews and focus 

groups). This approach is useful when reasons, 

opinions, and motivations are to be probed, and when 

exploring subject areas in depth is an integral aspect of 

the research objective. Quantitative data collection 

methods were utilized in the second phase. Surveys 

and analytics data were used to gather information 

about member engagement with the AI-powered 

wellness programs and satisfaction with health 

insurance premium discounts. Since most of the 

claims involve multiple members, both members and 

billing contacts were surveyed. They could provide 

different perspectives on the privacy issue. Surveys 

were made available to individuals online as an 

optional distributed document. 

The surveys were posted and were provided to the 

members in the range of 1,000 to 3,000. Both US and 

foreign individuals living in either rural or 

metropolitan statistical areas and in a wide range of 

occupations were surveyed at the baseline and again 

after 6 to 9 months. To my knowledge, these methods 

are the first to study the issues involved in integrated 

wellness complaints and medical loss ratio impacts. A 

custom app was designed for collecting customer 

complaints over a unique AI-based integrated wellness 

program, developed to be compliant. The survey was 

designed to collect baseline customer views on their 

reaction to both savings or indirectly if they retained 

contracted membership efficiencies beyond the 

narrow network time in May 2021. All customer 

surveys and other required documents, e.g., 

invitations, structured interview guides, public and 
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informed consent for both the speakers and survey 

participants around common subjects, were cleared 

under the IRB. 

 

4. Results and Findings 

 

This section outlines our findings on the basis of the 

data gathered and analyzed during this study. The data 

collected was in the form of surveys, an experiment or 

trials-based dataset, and qualitative data reported from 

interviews carried out during this study. In this section 

of the document, we will analyze the data and the 

findings. The results will reflect five key areas covered 

in the objectives of this research and were what we set 

out to evidence when commencing this research. This 

section provides the results and it includes some 

quantitative metrics based on the surveys they ran. 

Metrics: More touchpoints were shown to be critical; 

member satisfaction increases with insurance 

reductions; members appreciated a discount, 

regardless of who procured it; people appreciate 

fitness incentives; however, if a program did not 

provide discounts, it should happen more than once; 

AIs are a tool for increasing retention. The main 

findings from the interviews were: that insurers must 

include AI-driven technologies to create more tailored 

and easier member marketing and international 

engagement plans. The survey results showed that 

many members are involved in their fitness. It was 

discovered that 9 out of 10 members wanted more 

opportunities to get involved in the game to the 

healthcare saving plan and international. Furthermore, 

members were keen on customization as well as more 

tailored and convenient benefits that would aid in 

establishing a human link to the fund. Even though 

one-third of the survey respondents wanted a direct 

international discount and just under one-fifth of 

participants were motivated to recommend a 3% 

international reduction to a friend or family member, 

the benefits of tailored international health were 

outweighed by being rewarded for performing a 

healthy activity. 

 
             Fig : Generative AI in Healthcare 

 

5. Discussion 

 

Our experiment showed that a health insurance 

discount program with personalized, AI-powered 

suggestions has the potential to significantly increase 

member engagement in wellness programs and to 

improve retention with the insurance provider. Our 

AI-powered program produced significantly larger 

overall discount claims than the simple program and 

thus should provide more total insurance 

carrier/member value. There was no evidence, 

however, that the AI-powered program resulted in 

larger program claims than the simple program. Health 

insurance discount programs may help to reduce 

health care costs by reducing program-related 

expenses incurred relative to payments, while member 

retention programs can help carriers avoid the costs of 

obtaining new members. Our results indicate that the 

sign-up bonuses necessary to launch these two 

program types can have differing break-even periods. 

The results of this study can be beneficial to a large 

and growing market of providers and consumers. 

Health and wellness merged into a large industry 

necessitated by a cultural shift that led to a greater 

focus on individual health and well-being. Carriers can 

decrease overall costs through a decrease in claims for 

wellness visits. These programs may also improve 

individual health and decrease the need for 

prescription drugs or costly surgeries. Thus, providers 

that decrease costs through wellness programs benefit 

by increasing both the quantity and quality of lives. 



Letters in High Energy Physics 
ISSN: 2632-2714 

Volume 2023 

 

151 

 
Fig 3: The impact of AI on the future of insurance 

 

5.1. Implications for Health Insurance Providers 

These findings shed light on how health insurance 

providers can leverage these cutting-edge member 

retention tools in an industry transitioning in part to 

more personalized, AI-based wellness technologies. 

Associations between health behavior and deep-tiered 

discounts—decision supports with larger discounts for 

preventive behaviors and smaller discounts that could 

include treatment-based recommendations—suggest 

that these types of programs could encourage healthier 

habits and help prevent, or at least detect earlier, more 

serious health conditions that would be costlier for 

health insurance providers to cover. This can help 

decrease the cost of care for time horizons that could 

be more near-term over which the savings values of 

using such systems might be expected to materialize. 

A focus on only treatment-recommending systems 

could minimize the salience of beneficial savings that 

providers might present to their own members. 

Integrating preventive health schools utilizing AI 

could also shape market significance in favor of the 

treatment-focused programs of health schools that 

already exist and utilize AI for convenience 

optimization. 

One key aspect that could drive member receptiveness 

is the engagement with the AI system, to begin with. 

Effect sizes from deep-tiered discounts on retention 

rates suggest an improving likelihood that members 

would remain enrolled. Members tended to be more 

patients who were early adopters of the system. Based 

on this, it could also mean that individuals who are 

more likely to adopt AI-based peers and provide 

feedback would already have a more favorable bias for 

the system. In order to implement these tools 

successfully, they should be designed in close 

consultation with what members want and need from 

these services. Continuous feedback loops built into 

the service would also be key. Policymakers and 

regulators will also need to consider whether they are 

comfortable with these potential implications. How to 

balance nudging individuals towards certain types of 

care—and possibly AI-based diagnoses—while still 

respecting autonomy is an important discussion for the 

industry, as well as appropriate policy, to consider. 

 

Equ 3: Retention Rate Model 

 

 
5.2. Future Research Directions 

This study informs a number of areas for further 

research. As AI improves, so too will its effectiveness 

in targeting members (or drivers, in other lines of 

insurance). It would be interesting over time to 

undertake more advanced methods to understand if 

there is a long-term behavioral shift by targeting the 

savings; however, this is a complex problem because 

members change insurers. Looking at a sector with 

less rotation, such as mortgages, maybe another 

avenue of inquiry, or leveraging various other data 

sources to understand who renews and continues to be 

engaged, or trade studies over time looking at retention 

and renewals. AI will also continue to evolve wellness 

programs. Wellness programs could be a source of 

differentiation, or offering to assist the program for 

multiple insurers within a network may also be a more 

exciting site-license style partnership. This research 

encourages further research into different ways you 

could or should evolve wellness programs. This paper 

offers multiple implications for research. This is a 

unique study of applied AI within health insurance. As 

such, more research and collaboration with the sector 

to understand the implications of rolling out AI within 

the industry is encouraged. 

Furthermore, it would be interesting to monitor the 

interventions of this paper over time because of the 

concern for ethical issues. As suggested by the 
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research, this paper also encourages further inquiries 

across two research directorates: the ethical and the 

implementation of AI. Analysis of abilities in 

segmenting and targeting wellness programs to 

individuals' profitability of customer cohorts is much-

needed research. Here, a study across brands to 

improve the generalizability of the results could be 

performed. Given that this research used an 

experimental design rather than an observational 

cohort design, it would allow and encourage 

longitudinal studies to explore improvements in the 

approach to AI-enabled targeting, in turn impacting 

customer engagement over time. AI offers new 

opportunities, and the research encourages further 

research in the AI and ethical space. It is also rich in 

idea generation for public good and market ethics 

research. Many more opportunities are likely to 

present themselves, which, in a short research project, 

have been overlooked. There are many more 

implications for AI in insurance than have been 

discussed in this paper. More collaboration into the 

drivers of these research areas and the development of 

these papers is encouraged. Multi-disciplinary and 

wide-ranging research is encouraged. 

 

6. Conclusion 

 

Throughout this research, we have demonstrated that 

offering AI-powered health insurance discounts and 

wellness programs can significantly enhance member 

engagement and retention. These programs also lead 

to meaningful improvements in perceived member 

value. The findings support the proposition that 

offering health insurance discounts or wellness 

programs can be a strong option in a value-based care 

strategy to help achieve tighter integration of the 

insurer and providers to deliver better patient 

outcomes. Future research developing and testing AI-

powered solutions should continue integrating 

member feedback to ensure the offerings meet the 

evolving needs of members in a rapidly changing 

healthcare and insurance landscape. As technology 

adoption accelerates, we anticipate member norms and 

expectations will evolve as well. Health insurance 

companies should focus on integrating AI solutions 

that help them identify high- and rising-risk 

individuals and offer support to help prevent the 

development or further progression of chronic 

diseases. This is aligned with the preferences of many 

members as found in this research, which opens the 

door to developing and testing additional AI-powered 

wellness programs that resonate with consumer needs 

and preferences to extend the value of this research. 

This study’s limitations are primarily related to the 

generalizability of the research. The research used a 

convenience sample of individuals in a predominantly 

employer-group health plan in one metropolitan 

market. It should also be noted that market dynamics 

and maturity of health care more broadly may not be 

the same as that in other countries where market-based 

care is not as prevalent, where barriers to entry for new 

health insurance offerings may be more difficult, 

and/or where publicly funded care may affect health 

insurance offerings. This research makes significant 

contributions to theory and practice in three primary 

areas. Firstly, it is the first known study to empirically 

investigate the factors that drive member engagement 

and retention when offered wellness programs and 

health insurance discounts supported by an AI-

powered platform. Secondly, developing a defensible 

measurement model for member engagement and 

value is important given the penultimate goal of 

insurers in implementing such programs is ultimately 

positive member behavior change tied to improved 

health and reduced medical costs. This research builds 

upon the consumer satisfaction and engagement 

models working to extend the theory in both areas. 

Finally, this research helps provide practitioners in the 

health insurance industry with information to more 

robustly develop their wellness programs using a 

value-based care approach. 

 

6.1. Future Trends 

Given the nascent stage of AI-unlocking insurance 

products, there are a variety of potential future trends 

as technology further advances and adds novel 

solutions to the inventory of insurers. Data analytics, 

in particular, may become more heavily focused on 

and increasingly able to stratify and personalize. Other 

sources of personalized data, such as social media, as 

applications broaden and deepen, will also likely be 

tapped into. Not only do these growing applications of 

data analytics and personalization aid in building a 

more unique portfolio of risk for every member—a 

must in solving the gamification problem—they speak 

to the larger emerging trend of delivering unique, 
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personalized health experiences with insurance 

coverage benefits. Data collection and finely graded 

underwriting will also create a shift in how we 

purchase policies, from simple price comparison 

shopping to creating a price bidding or underwriting 

venue. From buying health insurance, the potential for 

automated auctions and best-match wins could see the 

switch to health insurance companies bidding for 

different bundles of policy add-ons, leveraging more 

detailed risk scores as measured by our health data. 

Telemedicine and direct provider contracting as a 

response to behavior nudges may well pave the way 

for blossoming artificial general intelligence programs 

in the possibility for real-world AI solutions to non-

monetary questions: What are the best omics-driven 

guidelines for me if I’m in a made-up subcategory 

because I’ve been on an 18-week keto/paleo diet? As 

the answers to these questions become more easily 

pursued in the next years, one-on-one advice and 

heavily anecdotal direct telemedicine consultations 

may start to give way to big data studies and 

algorithm-driven behavior nudges which might 

engage in the next action level of possible human 

iterations. Already, insurers are chaining health data 

tracking technology and telemedicine to their 

portfolio, offering wearable devices and arranging for 

24/7 top-rated telemedicine services that inspire 

members to interact with them. The growing trend of 

telemedicine and the increasing omnipresence of 

devices in people’s lives demands agility and 

integration to meet the potential the future brings. 

 

References 

 

[1]           Avacharmal, R., Pamulaparti Venkata, S., & 

Gudala, L. (2023). Unveiling the Pandora's 

Box: A Multifaceted Exploration of Ethical 

Considerations in Generative AI for 

Financial Services and Healthcare. Hong 

Kong Journal of AI and Medicine, 3(1), 84-

99. 

[2]           Vaka, D. K. (2023). Achieving Digital 

Excellence In Supply Chain Through 

Advanced Technologies. Educational 

Administration: Theory and Practice, 29(4), 

680-688. 

[3]           Mahida, A. Explainable Generative Models 

in FinCrime. J Artif Intell Mach Learn & 

Data Sci 2023, 1(2), 205-208. 

[4]           Mandala, V., & Kommisetty, P. D. N. K. 

(2022). Advancing Predictive Failure 

Analytics in Automotive Safety: AI-Driven 

Approaches for School Buses and 

Commercial Trucks. 

[5]           Perumal, A. P., Deshmukh, H., Chintale, P., 

Molleti, R., Najana, M., & Desaboyina, G. 

Leveraging machine learning in the analytics 

of cyber security threat intelligence in 

Microsoft azure. 

[6]           Kommisetty, P. D. N. K., & Nishanth, A. AI-

Driven Enhancements in Cloud Computing: 

Exploring the Synergies of Machine 

Learning and Generative AI. In IARJSET 

(Vol. 9, Issue 10). Tejass Publishers. 

https://doi.org/10.17148/iarjset.2022.91020 

[7]           Bansal, A. (2023). Power BI Semantic Models 

to enhance Data Analytics and Decision-

Making. International Journal of 

Management (IJM), 14(5), 136-142. 

[8]           Laxminarayana Korada, & Vijay Kartik 

Sikha. (2022). Enterprises Are Challenged by 

Industry-Specific Cloud Adaptation - 

Microsoft Industry Cloud Custom-Fits, 

Outpaces Competition and Eases Integration. 

Journal of Scientific and Engineering 

Research. 

https://doi.org/10.5281/ZENODO.13348175 

[9]           Avacharmal, R., Sadhu, A. K. R., & Bojja, 

S. G. R. (2023). Forging Interdisciplinary 

Pathways: A Comprehensive Exploration of 

Cross-Disciplinary Approaches to Bolstering 

Artificial Intelligence Robustness and 

Reliability. Journal of AI-Assisted Scientific 

Discovery, 3(2), 364-370. 

[10]         Vaka, D. K. Empowering Food and Beverage 

Businesses with S/4HANA: Addressing 

Challenges Effectively. J Artif Intell Mach 

Learn & Data Sci 2023, 1(2), 376-381. 

[11]         Mahida, A. (2023). Enhancing Observability 

in Distributed Systems-A Comprehensive 

Review. Journal of Mathematical & 

Computer Applications. SRC/JMCA-166. 

DOI: doi. org/10.47363/JMCA/2023 (2), 



Letters in High Energy Physics 
ISSN: 2632-2714 

Volume 2023 

 

154 

135, 2-4.ng (pp. 149-169). Chapman and 

Hall/CRC. 

[12]         Mandala, V., & Mandala, M. S. (2022). 

ANATOMY OF BIG DATA LAKE 

HOUSES. NeuroQuantology, 20(9), 6413. 

[13]         Perumal, A. P., Deshmukh, H., Chintale, P., 

Desaboyina, G., & Najana, M. Implementing 

zero trust architecture in financial services 

cloud environments in Microsoft azure 

security framework. 

[14]         Kommisetty, P. D. N. K. (2022). Leading the 

Future: Big Data Solutions, Cloud Migration, 

and AI-Driven Decision-Making in Modern 

Enterprises. Educational Administration: 

Theory and Practice, 28(03), 352-364. 

[15]         Bansal, A. Advanced Approaches to 

Estimating and Utilizing Customer Lifetime 

Value in Business Strategy. 

[16]         Sikha, V. K., Siramgari, D., & Korada, L. 

(2023). Mastering Prompt Engineering: 

Optimizing Interaction with Generative AI 

Agents. Journal of Engineering and Applied 

Sciences Technology. SRC/JEAST-E117. 

DOI: doi. org/10.47363/JEAST/2023 (5) 

E117 J Eng App Sci Technol, 5(6), 2-8. 

[17]         Avacharmal, R., Gudala, L., & 

Venkataramanan, S. (2023). Navigating The 

Labyrinth: A Comprehensive Review Of 

Emerging Artificial Intelligence 

Technologies, Ethical Considerations, And 

Global Governance Models In The Pursuit Of 

Trustworthy AI. Australian Journal of 

Machine Learning Research & Applications, 

3(2), 331-347. 

[18]         Vaka, D. K. “Artificial intelligence enabled 

Demand Sensing: Enhancing Supply Chain 

Responsiveness. 

[19]         Mahida, A. (2023). Machine Learning for 

Predictive Observability-A Study Paper. 

Journal of Artificial Intelligence & Cloud 

Computing. SRC/JAICC-252. DOI: doi. 

org/10.47363/JAICC/2023 (2), 235, 2-3 

[20]         Perumal, A. P., & Chintale, P. Improving 

operational efficiency and productivity 

through the fusion of DevOps and SRE 

practices in multi-cloud operations. 

[21]         Bansal, A. (2022). Establishing a Framework 

for a Successful Center of Excellence in 

Advanced Analytics. ESP Journal of 

Engineering & Technology Advancements 

(ESP-JETTA), 2(3), 76-84. 

[22]         Korada, L. (2023). AIOps and MLOps: 

Redefining Software Engineering Lifecycles 

and Professional Skills for the Modern Era. 

In Journal of Engineering and Applied 

Sciences Technology (pp. 1–7). Scientific 

Research and Community Ltd. 

https://doi.org/10.47363/jeast/2023(5)271 

[23]         Avacharmal, R. (2022). ADVANCES IN 

UNSUPERVISED LEARNING 

TECHNIQUES FOR ANOMALY 

DETECTION AND FRAUD 

IDENTIFICATION IN FINANCIAL 

TRANSACTIONS. NeuroQuantology, 

20(5), 5570. 

[24]         Vaka, D. K. " Integrated Excellence: PM-

EWM Integration Solution for S/4HANA 

2020/2021. 

[25]         Mahida, A. (2022). Comprehensive Review 

on Optimizing Resource Allocation in Cloud 

Computing for Cost Efficiency. Journal of 

Artificial Intelligence & Cloud Computing. 

SRC/JAICC-249. DOI: doi. 

org/10.47363/JAICC/2022 (1), 232, 2-4. 

[26]         Chintale, P. (2020). Designing a secure self-

onboarding system for internet customers 

using Google cloud SaaS framework. IJAR, 

6(5), 482-487. 

[27]         Bansal, A. (2022). REVOLUTIONIZING 

REVENUE: THE POWER OF 

AUTOMATED PROMO ENGINES. 

INTERNATIONAL JOURNAL OF 

ELECTRONICS AND 

COMMUNICATION ENGINEERING 

AND TECHNOLOGY (IJECET), 13(3), 30-

37. 

[28]         Korada, L. (2023). Leverage Azure Purview 

and Accelerate Co-Pilot Adoption. In 

International Journal of Science and 

Research (IJSR) (Vol. 12, Issue 4, pp. 1852–

1954). International Journal of Science and 

Research. 

https://doi.org/10.21275/sr23416091442 

[29]         Avacharmal, R., & Pamulaparthyvenkata, S. 

(2022). Enhancing Algorithmic Efficacy: A 

Comprehensive Exploration of Machine 



Letters in High Energy Physics 
ISSN: 2632-2714 

Volume 2023 

 

155 

Learning Model Lifecycle Management from 

Inception to Operationalization. Distributed 

Learning and Broad Applications in 

Scientific Research, 8, 29-45. 

[30]         Vaka, D. K. (2020). Navigating Uncertainty: 

The Power of ‘Just in Time SAP for Supply 

Chain Dynamics. Journal of Technological 

Innovations, 1(2). 

[31]         Mahida, A. Predictive Incident Management 

Using Machine Learning. 

[32]         Chintale, P., Korada, L., Ranjan, P., & 

Malviya, R. K. ADOPTING 

INFRASTRUCTURE AS CODE (IAC) FOR 

EFFICIENT FINANCIAL CLOUD 

MANAGEMENT. 

[33]         Bansal, A. (2021). OPTIMIZING 

WITHDRAWAL RISK ASSESSMENT 

FOR GUARANTEED MINIMUM 

WITHDRAWAL BENEFITS IN 

INSURANCE USING ARTIFICIAL 

INTELLIGENCE TECHNIQUES. 

INTERNATIONAL JOURNAL OF 

INFORMATION TECHNOLOGY AND 

MANAGEMENT INFORMATION 

SYSTEMS (IJITMIS), 12(1), 97-107. 

[34]         Korada, L., & Somepalli, S. (2023). Security 

is the Best Enabler and Blocker of AI 

Adoption. In International Journal of Science 

and Research (IJSR) (Vol. 12, Issue 2, pp. 

1759–1765). International Journal of Science 

and Research. 

https://doi.org/10.21275/sr24919131620 

[35]         Dilip Kumar Vaka. (2019). Cloud-Driven 

Excellence: A Comprehensive Evaluation of 

SAP S/4HANA ERP. Journal of Scientific 

and Engineering Research. 

https://doi.org/10.5281/ZENODO.11219959 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 


