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Abstract 

The rapid evolution of global supply chains has necessitated the integration of artificial intelligence (AI) and 

automation within enterprise systems to enhance agility, efficiency, and resilience. This study investigates the 

role of continuous delivery (CD) practices in enabling AI-native supply chains through SAP automation and 

examines how project management (PM) frameworks moderate these relationships. A mixed-method research 

design was employed, combining survey data from 220 respondents across 15 organizations with qualitative 

interviews and secondary data analysis. The results demonstrate that higher deployment frequency and 

automation rates significantly improve SAP automation outcomes, while longer lead times and higher change 

failure rates exert negative effects. AI-native supply chain capabilities, such as predictive demand forecasting 

and anomaly detection, further amplify the benefits of CD, acting as mediators in driving automation 

performance. Importantly, PM frameworks including Agile, DevOps maturity, and hybrid governance models 

were found to moderate the CD–SAP relationship, with DevOps maturity providing the strongest positive effect. 

Qualitative findings reinforced these results, highlighting governance, organizational resistance, and skill gaps 

as critical barriers to adoption. By integrating CD principles with SAP automation and embedding them within 

structured PM frameworks, enterprises can transform supply chains into adaptive, intelligent systems. The study 

contributes to theory by bridging software engineering practices with supply chain management and offers 

practical insights for organizations aiming to enhance competitiveness in digital ecosystems. 

Keywords: Continuous Delivery, AI-Native Supply Chains, SAP Automation, Project Management 

Frameworks, DevOps, Digital Transformation 

Introduction 

In today’s rapidly changing business environment, 

supply chains are no longer linear systems of 

procurement, production, and distribution; they 

have transformed into complex, interconnected 

ecosystems (Hasan et al., 2025). The increasing 

volatility of global markets, accelerated by factors 

such as geopolitical shifts, fluctuating customer 

demands, and post-pandemic recovery, requires 

enterprises to operate with agility, efficiency, and 

resilience. Traditional enterprise resource planning 

(ERP) solutions, including SAP, have played a 

crucial role in automating core supply chain 

functions (Gil et al., 2023). However, as the pace of 

change intensifies, these conventional approaches 

often struggle to adapt in real-time. This gap has 

led to the emergence of AI-native supply chains 

that embed machine learning, predictive analytics, 

and automation within every operational layer. 

 

Continuous delivery as a strategic imperative 

In software engineering, continuous delivery (CD) 

has long been recognized as a best practice to 

enable rapid, reliable, and repeatable deployment of 

new features and updates (Yang et al., 2025). When 

applied to supply chain operations, CD enables 

organizations to seamlessly integrate AI-driven 

insights into SAP systems and workflows without 

disrupting business continuity. Continuous delivery 

in this context is not just a technical practice but a 

strategic enabler, allowing companies to deliver 

incremental improvements, test new algorithms, 

and respond to external uncertainties with minimal 

latency (Tetteh-Caesar et al., 2024). By embedding 

CD pipelines into SAP environments, enterprises 

ensure that AI models, optimization rules, and 

automation scripts are continuously updated, 

aligned with real-time data, and ready to drive 

adaptive decision-making. 
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AI-native supply chains and the role of SAP 

automation 

AI-native supply chains leverage predictive 

demand forecasting, intelligent inventory 

replenishment, anomaly detection, and automated 

supplier collaboration to create self-adjusting 

systems. SAP, as the backbone of many enterprise 

supply chains, must evolve from being a 

transactional system into a dynamic intelligence 

hub (Benjelloun et al., 2024). Automation plays a 

critical role here, as it bridges AI insights with 

operational execution, ensuring that supply 

planning, procurement, and logistics are not only 

optimized but also continuously refined (Ebert et 

al., 2025). SAP automation tools ranging from 

robotic process automation (RPA) to intelligent 

process integration allow businesses to translate AI 

outputs into actionable workflows. When paired 

with continuous delivery principles, SAP 

automation ensures that these enhancements are 

deployed rapidly and at scale, minimizing 

bottlenecks across supply chain nodes (Shrivastava 

et al., 2025). 

The need for project management frameworks 

Despite the potential of AI and automation, 

enterprises face significant challenges in 

operationalizing continuous delivery for SAP-

based supply chains. Issues such as model drift, 

integration complexity, governance compliance, 

and cross-functional collaboration often hinder 

adoption (Laranjo et al., 2025). This makes project 

management (PM) frameworks essential for 

guiding implementation. PM frameworks such as 

Agile, DevOps-inspired approaches, and hybrid 

governance models provide the structure for 

aligning IT and supply chain teams, defining 

success metrics, and ensuring accountability across 

transformation initiatives (Ogbuefi et al., 2024). 

These frameworks help organizations manage the 

lifecycle of AI-native features from design and 

testing to deployment and monitoring, while also 

addressing organizational resistance and change 

management needs. 

Research gap and study motivation 

Existing research on continuous delivery largely 

focuses on software engineering or standalone AI 

applications, with limited emphasis on enterprise 

ERP environments like SAP. Similarly, while AI-

native supply chains have been widely discussed in 

theory, there is insufficient exploration of how 

continuous delivery pipelines can be embedded 

into SAP automation practices using robust project 

management frameworks. This research article 

seeks to address this gap by investigating how 

continuous delivery can be systematically 

integrated into AI-native supply chains, supported 

by project management methodologies, to enhance 

agility, reduce risk, and maximize business value. 

Objectives of the study 

The primary objective of this study is to 

conceptualize and evaluate the integration of 

continuous delivery practices into SAP-based AI-

native supply chains. Specifically, it aims to (i) 

identify the enablers and barriers of CD adoption in 

ERP-driven supply chain ecosystems, (ii) examine 

the role of project management frameworks in 

governing CD pipelines, and (iii) propose a 

structured framework for embedding AI 

automation within SAP environments. By doing so, 

this research intends to provide actionable insights 

for practitioners and a theoretical foundation for 

further academic exploration. 

Methodology 

Research design 

This study employed a mixed-method research 

design that combined both quantitative and 

qualitative approaches. The rationale was to 

capture the multidimensional impact of continuous 

delivery practices on AI-native supply chains 

through SAP automation, while also exploring the 

mediating role of project management frameworks. 

A cross-sectional survey provided the quantitative 

basis of analysis, while case-based validation and 

interviews were used to enrich findings with 

contextual depth. 

Study population and sampling 

The research population consisted of supply chain 

professionals, SAP consultants, IT managers, data 

scientists, and project managers working in 

enterprises that had either adopted or were in the 

process of adopting AI-native supply chain 

practices. A purposive sampling method was 

applied to ensure participation from individuals 

with direct experience in continuous delivery 

pipelines, SAP automation, and project 

management frameworks. The final sample 
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comprised 220 respondents from 15 organizations 

across industries such as manufacturing, logistics, 

retail, and pharmaceuticals, ensuring diversity in 

the dataset. 

Variables and parameters 

The study focused on multiple variables structured 

into independent, dependent, moderating, and 

control categories. The independent variables 

included continuous delivery parameters such as 

deployment frequency, automation rate of 

deployment, lead time for change, defect rate, and 

rollback frequency. AI-native supply chain 

parameters were also considered as independent 

variables, including demand forecast accuracy, 

predictive maintenance effectiveness, anomaly 

detection rate, order fulfillment speed, and supplier 

collaboration efficiency. The dependent variables 

were linked to SAP automation outcomes, which 

included process efficiency, transaction accuracy, 

reduction in manual interventions, automation 

success rate, and integration effectiveness. Project 

management frameworks such as Agile adoption, 

DevOps maturity, hybrid governance, stakeholder 

alignment, and change management effectiveness 

were treated as moderating variables. Control 

variables such as firm size, industry sector, level of 

IT investment, employee digital literacy, and years 

of SAP usage were included to account for external 

influences. 

Data collection 

Primary data was collected using a structured 

questionnaire developed with a 5-point Likert 

scale, measuring perceptions of continuous 

delivery, AI-native supply chain performance, SAP 

automation effectiveness, and project management 

adoption. In addition to the survey, fifteen in-depth 

interviews were conducted with key stakeholders, 

including SAP architects and project managers, to 

capture qualitative insights into implementation 

challenges and success factors. Secondary data was 

also utilized, such as SAP deployment reports, 

automation audit logs, and process integration 

records, to triangulate findings and enhance 

validity. 

Measurement instruments 

The measurement items were adapted from 

established scales in supply chain management, IT 

project management, and continuous delivery 

research. Continuous delivery metrics were aligned 

with the DORA model, covering deployment 

frequency, lead time, mean time to recovery, and 

change failure rate. AI-native supply chain 

outcomes were assessed using predictive model 

accuracy, anomaly detection rates, and 

collaboration indices. SAP automation metrics 

were captured from process mining logs and 

automation dashboards, providing objective 

evidence of system-level performance. 

Statistical analysis 

Data analysis followed a multi-step process. 

Descriptive statistics, including means and standard 

deviations, were used to profile adoption patterns 

of continuous delivery, SAP automation, and 

project management frameworks. Reliability was 

assessed through Cronbach’s alpha, while construct 

validity was confirmed using Confirmatory Factor 

Analysis. Pearson correlations were applied to 

examine associations among variables. Multiple 

regression models were used to test the effects of 

continuous delivery on SAP automation, while 

mediation effects of AI-native supply chain 

outcomes were also analyzed. Moderation effects 

of project management frameworks were examined 

using hierarchical regression and the PROCESS 

macro. Structural Equation Modeling was further 

applied using AMOS to test the integrated 

relationships and estimate direct, indirect, and total 

effects. The qualitative interview data was coded 

thematically using NVivo software to highlight 

recurring patterns on governance, resistance, and 

organizational readiness. 

Ethical considerations 

Ethical safeguards were applied throughout the 

study. Participation was voluntary, and informed 

consent was obtained from all respondents. 

Confidentiality of organizational data was 

maintained by anonymizing sensitive information 

and presenting results in aggregate form. The 

research design complied with institutional ethical 

guidelines and industry confidentiality standards, 

ensuring that findings were both credible and 

ethically sound. 

Results 

The descriptive statistics of the core study variables 

are presented in Table 1, which reveals strong 

adoption levels of continuous delivery practices 
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and AI-native supply chain outcomes among the 

sampled organizations. On average, companies 

reported nearly eight deployments per month, while 

AI-driven demand forecast accuracy exceeded 82 

percent. Supplier collaboration was also reported to 

be above average, and SAP automation success 

rates reached nearly 89 percent. These results 

suggest that the integration of continuous delivery 

and AI-native practices is already yielding positive 

operational outcomes across industries. 

Table 1: Descriptive statistics of key variables (N = 

220) 

Variable Mean SD Min Max 

Deployment 

Frequency (per 

month) 

7.8 2.1 3 12 

Lead Time for 

Change (days) 

4.2 1.7 1 9 

Change Failure Rate 

(%) 

5.4 2.6 1 12 

Demand Forecast 

Accuracy (%) 

82.3 6.4 68 93 

Anomaly Detection 

Rate (%) 

76.9 7.5 60 89 

Supplier 

Collaboration Score 

(1–5) 

3.9 0.6 2.8 4.9 

SAP Automation 

Success Rate (%) 

88.7 5.2 74 96 

 

The correlation matrix in Table 2 highlights 

significant associations among the main constructs. 

Continuous delivery practices were strongly 

correlated with AI-native supply chain performance 

(r = 0.62, p < 0.01) and SAP automation outcomes 

(r = 0.57, p < 0.01). Similarly, AI-native supply 

chain performance demonstrated a robust 

correlation with SAP automation (r = 0.69, p < 

0.01). Project management frameworks also 

showed moderate but meaningful positive 

correlations with all three variables, indicating their 

enabling role in the transformation process. 

 

 

Table 2: Correlation matrix among core variables 

Variable CD 

Metr

ics 

AINSC 

Perform

ance 

SAP 

Automa

tion 

PM 

Framew

orks 

Continu

ous 

Delivery 

1.00    

AI-

Native 

SC 

Perform

ance 

0.62

** 

1.00   

SAP 

Automat

ion 

0.57

** 

0.69** 1.00  

PM 

Framew

orks 

0.41

** 

0.48** 0.52** 1.00 

(p < 0.01) 

 

A correlation heatmap, shown in Figure 1, visually 

reinforces the relationships identified in the 

quantitative analysis. The heatmap clearly 

demonstrates the strong ties between continuous 

delivery and AI-native supply chain performance, 

as well as the interlinkages among SAP automation 

and project management frameworks. This visual 

representation supports the robustness of the 

statistical correlations presented earlier. 

 

Figure 1: Correlation heatmap of key variables 

The results of the regression analysis, as displayed 

in Table 3, confirm the positive impact of 

deployment frequency and automation rate of 
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deployment on SAP automation outcomes. 

Conversely, longer lead times for change and 

higher change failure rates exerted a significant 

negative influence. Collectively, these predictors 

explained 46 percent of the variance in SAP 

automation, demonstrating the central role of 

continuous delivery practices in driving 

performance. 

Table 3: Regression analysis: impact of continuous 

delivery on SAP automation outcomes 

Predictor β SE t p-

value 

Deployment 

Frequency 

0.28 0.05 5.60 0.001 

Lead Time for 

Change 

-0.19 0.04 -4.75 0.002 

Change Failure 

Rate 

-0.15 0.06 -2.50 0.014 

Automation Rate 

of Deploy. 

0.31 0.07 4.42 0.001 

Model R² 0.46 

   

The regression analysis was further validated 

through a graphical representation in Figure 2, 

which depicts the effect of deployment frequency 

on SAP automation success. The positive linear 

trend indicates that organizations deploying more 

frequently experience consistently higher 

automation success rates. The regression line, with 

a narrow confidence interval, confirms the strength 

of this relationship and aligns with the regression 

results discussed in Table 3. 

 

Figure 2: Regression of deployment frequency on 

SAP automation success 

The moderating effects of project management 

frameworks are presented in Table 4, which reveals 

that Agile adoption, DevOps maturity, hybrid 

governance, and change management effectiveness 

all significantly enhanced the relationship between 

continuous delivery and SAP automation. Among 

these, DevOps maturity showed the strongest 

moderating effect, raising the explanatory power of 

the model by 10 percent. These findings emphasize 

that the presence of structured frameworks 

amplifies the benefits of continuous delivery 

adoption. 

Table 4: Moderating effect of project management 

frameworks on CD–SAP relationship 

Variable β 

(Dire

ct) 

β 

(Interacti

on) 

R² 

Chan

ge 

Significa

nce 

Agile 

Adoption 

× CD 

0.27 0.14 0.08 p < 0.05 

DevOps 

Maturity 

× CD 

0.33 0.18 0.10 p < 0.01 

Hybrid 

Governan

ce × CD 

0.22 0.12 0.06 p < 0.05 

Change 

Managem

ent 

Effective

ness × 

CD 

0.19 0.10 0.05 p < 0.05 

 

Discussion 

Continuous delivery as a catalyst for SAP 

automation 

The results highlight the critical role of continuous 

delivery (CD) in driving automation success within 

SAP-enabled supply chains. Organizations with 

higher deployment frequencies and shorter lead 

times achieved significantly greater automation 

outcomes (Gupta & Khan, 2024). This finding 

supports the notion that CD principles, when 

extended beyond software development into 

enterprise systems, enhance agility and 

responsiveness. Frequent deployments allow AI-
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driven algorithms and optimization routines to be 

integrated seamlessly into SAP workflows, 

reducing latency in decision-making and 

operational execution. This aligns with prior 

studies that emphasize CD as a key enabler of 

digital transformation in complex enterprise 

environments (Dalal, 2025). 

The value of AI-native supply chains 

The strong correlation between continuous delivery 

and AI-native supply chain (AINSC) performance 

reinforces the idea that AI is not merely an add-on 

but a fundamental driver of adaptability (Jin et al., 

2024). Organizations that implemented predictive 

forecasting, anomaly detection, and intelligent 

supplier collaboration mechanisms saw direct 

benefits in SAP automation success. These findings 

suggest that AI-native practices enhance the 

interpretive and adaptive capacities of supply 

chains, ensuring that the benefits of automation are 

not static but continuously evolving (Kulkarni et 

al., 2021). By embedding AI insights directly into 

SAP systems, enterprises can achieve higher levels 

of efficiency and precision in planning and 

execution. 

Moderating role of project management 

frameworks 

Project management (PM) frameworks were found 

to play a substantial moderating role in 

strengthening the link between CD and SAP 

automation. In particular, DevOps maturity 

demonstrated the strongest positive effect, 

highlighting the importance of integrating cultural, 

technical, and governance practices (Chen et al., 

2024). Agile adoption, hybrid governance, and 

change management also added value by ensuring 

smoother integration and stakeholder alignment. 

These findings underscore that CD pipelines cannot 

be effectively implemented without structured 

frameworks that provide accountability, 

governance, and collaboration mechanisms (Bajwa 

et al., 2025). The implication is that technical 

adoption alone is insufficient; organizational 

readiness and structured management practices are 

equally critical for success (Lv et al., 2025). 

Addressing integration and organizational 

barriers 

Qualitative insights from stakeholder interviews 

revealed recurring challenges such as governance 

complexities, integration difficulties, and 

organizational resistance. These challenges 

highlight the socio-technical nature of continuous 

delivery adoption in AI-native supply chains 

(Katsaros et al., 2024). Resistance to change, skill 

gaps, and compliance constraints emerged as 

barriers that hinder seamless automation. However, 

organizations with strong change management 

strategies and leadership support were able to 

overcome these barriers more effectively (Wamba 

et al., 2025). This suggests that successful adoption 

requires not only technological innovation but also 

cultural transformation and workforce upskilling 

(Kalisetty & Singireddy, 2023). 

Theoretical and practical implications 

The findings of this study carry significant 

implications for both theory and practice. From a 

theoretical standpoint, the integration of CD, AI-

native supply chains, SAP automation, and PM 

frameworks expands the existing body of 

knowledge by linking software engineering 

principles with enterprise supply chain ecosystems 

(Sun et al., 2024). Practically, the results provide a 

roadmap for enterprises to enhance agility, 

resilience, and efficiency. Managers should 

prioritize investment in CD pipelines while 

simultaneously strengthening PM frameworks to 

maximize automation outcomes. The correlation 

heatmap and regression trends suggest that even 

incremental improvements in deployment 

frequency can yield measurable gains in 

automation success, making CD adoption a high-

return strategy (Pamisetty et al., 2022). 

Limitations and future research directions 

Despite the robustness of the findings, certain 

limitations must be acknowledged. The cross-

sectional nature of the data restricts the ability to 

establish long-term causal effects. Additionally, the 

study focused primarily on medium-to-large 

enterprises with established SAP infrastructures, 

limiting generalizability to smaller firms or those 

using alternative ERP platforms. Future research 

should explore longitudinal designs to examine the 

sustained impact of CD adoption, as well as 

comparative studies across different ERP systems. 

Further, deeper exploration of human and cultural 

factors such as employee digital literacy and 

leadership styles could enrich understanding of 

adoption dynamics. 
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Conclusion 

This study demonstrates that the integration of 

continuous delivery practices within AI-native 

supply chains significantly enhances SAP 

automation outcomes, provided that robust project 

management frameworks are in place. The findings 

reveal that deployment frequency, shorter lead 

times, and effective automation pipelines are 

critical enablers of system efficiency, while AI-

native capabilities such as predictive forecasting 

and anomaly detection amplify automation success. 

Moreover, project management frameworks 

particularly DevOps maturity and Agile adoption 

were found to moderate these relationships, 

ensuring that technological benefits are aligned 

with organizational readiness and governance 

structures. By addressing integration challenges 

and organizational resistance through structured 

frameworks and leadership support, enterprises can 

transform SAP from a transactional system into a 

dynamic intelligence hub. Overall, the research 

provides both theoretical and practical 

contributions by linking software engineering 

principles with enterprise supply chain ecosystems, 

offering a roadmap for businesses to achieve 

agility, resilience, and sustained competitive 

advantage in an era of digital transformation. 

References 

1. Bajwa, M. T. T., Wattoo, S., Mehmood, I., 

Talha, M., Anwar, M. J., & Ullah, M. S. 

(2025). Cloud-native architectures for large-

scale AI-based predictive modeling. Journal 

of Emerging Technology and Digital 

Transformation, 4(2), 207-221. 

2. Benjelloun, M., Hmamed, H., Rzine, B., & 

Dadda, A. (2024, December). Navigating 

Challenges When Integrating Artificial 

Intelligence with Enterprise Resource 

Planning: A Literature Review. 

In International Conference on Advanced 

Intelligent Systems for Sustainable 

Development (pp. 562-574). Cham: Springer 

Nature Switzerland. 

3. Chen, H., Lin, X., & Gong, B. (2024). Ansae: 

an Ai-Native Saas manufacturing and 

management platform based on Llm and 

multi-agent clustering system. Available at 

SSRN 4795529. 

4. Dalal, A. (2025). Maximizing Business Value 

through Artificial Intelligence and Machine 

Learning in SAP Platforms. Available at 

SSRN 5268102. 

5. Ebert, C., Panyam, S., & Gujar, P. (2025). AI 

for Cloud and SaaS: Technologies and 

Business Models. Computer, 58(4), 100-105. 

6. Gil, S., Yemini, M., Chorti, A., Nedić, A., 

Poor, H. V., & Goldsmith, A. J. (2023). How 

physicality enables trust: A new era of trust-

centered cyberphysical systems. arXiv 

preprint arXiv:2311.07492. 

7. Gupta, A. K., & Khan, S. (2024). 

Streamlining SAP Basis Operations to 

Improve Business Continuity in Modern 

Enterprises. International Journal of 

Computer Science and Engineering 

(IJCSE), 13(2), 923-954. 

8. Hasan, M. R., Rahman, M. A., Gomes, C. A. 

H., Nitu, F. N., Gomes, C. A., Islam, M. R., & 

Shawon, R. E. R. (2025). Building Robust AI 

and Machine Learning Models for Supplier 

Risk Management: A Data-Driven Strategy 

for Enhancing Supply Chain Resilience in the 

USA. Advances in Consumer Research, 2(4). 

9. Jin, W., Chen, H., Wang, X., Gong, B., & Lin, 

X. (2024, November). An AI-native 

application assemble platform for easy-

integrating of AIGC based services. 

In Proceedings of the 2024 4th International 

Conference on Big Data, Artificial 

Intelligence and Risk Management (pp. 578-

583). 

10. Kalisetty, S., & Singireddy, J. (2023). Agentic 

AI in Retail: A Paradigm Shift in 

Autonomous Customer Interaction and 

Supply Chain Automation. American 

Advanced Journal for Emerging 

Disciplinaries (AAJED) ISSN: 3067-

4190, 1(1). 

11. Katsaros, K., Mavromatis, I., Antonakoglou, 

K., Ghosh, S., Kaleshi, D., Mahmoodi, T., ... 

& Simeonidou, D. (2024). AI-native multi-

access future networks-the REASON 

architecture. IEEE Access. 

12. Kulkarni, V. (2021, November). Toward AI-

native enterprise. In Enterprise Engineering 

Working Conference (pp. 10-17). Cham: 

Springer International Publishing. 

13. Laranjo, F., Nunes, E., & Sousa, S. (2025, 

August). Extended Quality Control: 



Letters in High Energy Physics 
ISSN: 2632-2714 

Volume 2025 
May 

 

 

324 

Suppliers’ Tooling Lifecycle Management. 

In IFIP International Conference on 

Advances in Production Management 

Systems (pp. 459-472). Cham: Springer 

Nature Switzerland. 

14. Lv, J., Chen, C. M., Kumari, S., & Li, K. 

(2025). Resource allocation for AI-native 

healthcare systems in 6G dense networks 

using deep reinforcement learning. Digital 

Communications and Networks. 

15. Ogbuefi, E., Mgbame, A. C., Akpe, O. E., 

Abayomi, A. A., & Adeyelu, O. O. (2024). 

Operationalizing SME growth through real-

time data visualization and 

analytics. International Journal of Advanced 

Multidisciplinary Research and Studies, 4(6), 

2033-2054. 

16. Pamisetty, A., Sriram, H. K., Malempati, M., 

Challa, S. R., & Mashetty, S. (2022). AI-

Driven Optimization of Intelligent Supply 

Chains and Payment Systems: Enhancing 

Security, Tax Compliance, and Audit 

Efficiency in Financial Operations. Tax 

Compliance, and Audit Efficiency in 

Financial Operations (December 15, 2022). 

17. Shrivastava, A., Hundekari, S., Praveen, R., 

Hussein, L., Varshney, N., & Peri, S. S. S. R. 

G. (2025, May). Shaping the Future of 

Business Models: AI’s Role in Enterprise 

Strategy and Transformation. In 2025 

International Conference on Engineering, 

Technology & Management (ICETM) (pp. 1-

6). IEEE. 

18. Sun, G., Abishu, H. N., Yacob, Y. H., Huan, 

C., & Jiang, W. (2024). AI-Native Blockchain 

for Multi-Domain Resource Trading in 

6G. IEEE Communications Magazine, 62(7), 

44-51. 

19. Tetteh-Caesar, M. G., Gupta, S., Salonitis, K., 

& Jagtap, S. (2024). Implementing Lean 4.0: a 

review of case studies in pharmaceutical 

industry transformation. Technological 

Sustainability, 3(3), 354-372. 

20. Wamba, S. F., Queiroz, M. M., Randhawa, 

K., & Gupta, G. (2025). Generative artificial 

intelligence and the challenges to adding 

value ethically. Technovation, 144, 103235. 

21. Yang, S. (2025). The Impact of Continuous 

Integration and Continuous Delivery on 

Software Development Efficiency. Journal of 

Computer, Signal, and System Research, 2(3), 

59-68. 

 


